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e Typical ROM methods apply spatial projection * Explicit time integration with larger time steps in ROMS (ks et at., 2001] * Main idea: space—time projection to fully discrete, implicit nonlinear & Complexity is independent of both space and time
& Reduces spatial complexity @ Limited realizable speedup; not applicable to stiff systems ODE models & Slower time growth in error bound
@ Does not reduce the temporal complexity: * Space—time finite—element full-order models vano, 2014 * Projection: Least-squares Petrov—Galerkin to space—time discrete residual || ) Amenable to any time integrator
arge number of time steps & Error bounds grow linearly in time * Hyper-reduction: Sample elements of the space—time discrete residual © Showed a great potential of tensor decomposition

@ Error bounds grow exponentially in time @ Require a different full-order-model formulation; not always practical * Tensor decomposition: multi-array data decomposition @ Offline cost is expensive

Full-order model Numerical experiments
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