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DMBOK!': Data Governance FAIR-Ontology!*

_ _ To ensure interoperability and efficiency in data analysis and modeling pipelines we need Ontologies ~ FAIR & Ontologies enable scalable and automated
Data Data Modeling We need to shift our data flows to a data-driven culture: e Ontologies are created for unification of terms in specific domains, which facilitates data pipelines
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4. Results enable new knowledge and insights

e complements structured frameworks Research

Question MDS-Onto : A low Level Ontology in the domains of Materials & Data Science
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e Research data Stewardship is increasingly conceptualized in terms of FAIR Principles 9
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